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« Used a public ground truth dataset OpenPATH app screenshot g g = proportion represented in CanBikeCO
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« Travel length 10S using MobilityNet Data. Based on work by
« Inferred energy intensity Kosmacher and Shankari.
Get conditional mode probability from Eval . Cumulative energy consumption by program from user labels vs from inferred labels
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Can use with other mode classifiers » Looked at 92k user labeled trips across = inferred
multiple CanBikeCO programs and estimated 2
» Energy consumption formula: energy consumption z
e i§ energy intepsity E = E I Ly . E.stlmalted. energy consumption for the same 5 50
» Lis trip length in miles trips with inferred mode labels B
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* Mode error and length error independent » Apply methods to other mode inference models 5 o - o - o o -
« Ignore energy model specification error * Find inferred mode proportion uncertainties Energy consumption {MWH)
* Error in MobilityNet applies to other geographies + Travel diary studies with less label burden . Cumulative energy consumption by program with user
 Equal chances of drove alone and shared ride * Use data from updated travel patterns for behavior  j3peled modes vs with inferred modes. Error bars show
models the estimated value plus or minus 1 standard deviation.
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